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Assignment and sequencing models for the
scheduling of process systems
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This paper presents an overview of assignment and sequencing models that are used in
the scheduling of process operations with mathematical programming techniques. Although
scheduling models are problem specific, there are common features which translate into
similar types of constraints. Two major categories of scheduling models are identified:
single-unit assignment models in which the assignment of tasks to units is known a priori,
and multiple-unit assignment models in which several machines compete for the processing
of products. The most critical modeling issues are the time domain representation and net-
work structure of the processing plant. Furthermore, a summary of the major features of the
scheduling model is presented along with computational experience, as well as a discussion
on their strengths and limitations.

1. Introduction

Scheduling is one of the core areas of process operations. It is also an active and
challenging area of research that is of practical importance. In general, scheduling
deals with the allocation of available resources over time to perform a collection of
tasks. Scheduling problems arise in many fields of engineering, operations research
and computer science. In the context of process systems, scheduling refers to the
strategies of allocating equipment and utility or manpower resources over time to
execute processing tasks required to manufacture one or several products. There has
been a pronounced increase in the development of optimization scheduling models in
the chemical engineering literature over the past decade. Despite the substantial
progress that has been made, combinatorics and time representation remain major
challenges in the area. This has created a rather diverse collection of scheduling models
in which there often appears to be a lack of commonalities. In an attempt to provide
some unification of the models, we present a survey of the main assignment and
sequencing models for process scheduling problems within the mathematical program-
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ming framework. We primarily focus on the modeling aspects regarding the plant
structure and representation of the time domain. As will be shown, these models exhibit
some differences to the ones commonly reported in the operations research literature.

Rippin [22] addresses the general status of batch processing systems engineering
with emphasis on design, planning and scheduling. Reklaitis [19, 20] presents a com-
prehensive review of scheduling and planning of batch process operations. His main
focus was to describe the basic components of the scheduling problem and review the
existing solution methods. Pekny and Zentner [15] summarize the basic scheduling
technology with association to the advances in computer technology. Grossmann et
al. [9] provide an overview of mixed integer optimization techniques for the design
and scheduling of batch processes, with emphasis on general purpose methods for
mixed integer linear (MILP) and mixed integer nonlinear (MINLP) problems. Many
scheduling and planning problems can be posed as MILP problems since the corre-
sponding mathematical optimization models involve both discrete and continuous
variables that must satisfy a set of linear equality and inequality constraints. In fact,
scheduling problems can be viewed as optimization problems subject to constraints,
namely problems in allocation and sequencing [1].

Although there is no absolute general model for the scheduling of process
systems, three major components are always present [20]. These are: assignment of
tasks to equipment, sequencing of activities and timing of utilization of equipment
and resources by these processing tasks. Another important aspect is the presence of
sequence dependent changeovers. Some formulations include sequence-dependent
decisions as additional constraints, while others embed it in the underlying model
representation. Also, in some instances, material balances are required to deal
explicitly with both resources and inventories.

It is the purpose of this paper to provide a unified overview of the assignment
and sequencing models for chemical process scheduling. We first present a road-map
for classifying scheduling problems for process systems. The bulk of the paper then
concentrates on the allocation and timing constraints which constitute the basis of the
mathematical optimization models. Based on the proposed classification of problems,
we first present the single-unit assignment models, developed mainly for multistage
plants with one unit per stage. Next, we concentrate on describing multiple-unit assign-
ment models. These can be broadly divided into two major categories: models based
on time slots, aimed primarily to multistage serial plants with parallel units, and models
based on time events focused on plants with arbitrary network structure. Finally, we
present a summary of computational experience.

2. Classification of scheduling problems

Figure 1 presents a road-map for classifying scheduling problems and which
should help in obtaining a better understanding of the models that are covered in the
following sections. Equipment similarity and unit connectivity define the topology of
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(1) Plant Topology

Serial
- Network
Single stage Multiple stage
One unit Parallel One unit Parallel “Arbitrary” topology
per stage units per stage units
(2) Mass balances
Lots (most methods) Network flow equations
(3) Time representation
Continuous
Discrete (fixed slots)
Time slots Time events

(4) Transfer policies
. No Intermediate Finite Intermediate Unlimited Int.
Zero-Wait (ZW) Storage (NIS) Storage (FIS) Storage (UIS)

(5) Resource constraints
None (only equipment) Discrete Continuous
(6) Demand pattern
Variable (short term) Fixed rate (cyclic)
(7) Changeovers
None unit family time frequency
dependent dependent dependent dependent
sequence
dependent

Figure 1. Road-map for scheduling problems.

the plant. In serial plants, products follow the same production path, therefore it is
possible to recognize a specific direction in the plant floor. Networks of arbitrary
topology tend to occur when products have low recipe similarity@nahen equip-

ment is interconnected. Most methods do not handle mass balances explicitly; instead,
production is represented by batches (or lots). Products follow a series of tasks, which
are collections of elementary chemical and physical processing operations. Note the
close relationship between the plant topology and the sequence of tasks for products:
if all products follow the same sequence of tasks it is usually possible to define
processing stages in the plant, defined as processing equipment that can perform the
same operations. Moreover, lot sizes can be variables, such as in the case of the lot-
sizing problem, or fixed parameters.
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The fundamental issue in assignment and sequencing decisions concerns the time
domain representation. A common feature among scheduling models is the definition
of time slots, i.e time intervals for unit allocation. In a continuous time domain
representation, time slots have variable length. Moreover, they can be either associated
with units or defined globally, in which case they are often denoted as time events. If
a discrete representation is adopted, slots have equal and fixed duration. The length of
the time interval is taken to be the greatest common factor of the processing times
involved in the problem. Figure 2 illustrates the definition of time slots. The total
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Figure 2. Time domain representation.

number of time slots also depends on the time representation adopted. When time is
discretized, there is in general the need to use a sufficiently large number of slots in
order to have a suitable approximation of the original problem. Note, however, that
the number of slots is fixed. In continuous time formulations, it is usually possible to
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postulate a much smaller number of time slots. However, it is important to select the
time slots in such a way that the number of events to be executed can be accommodated
within the given time horizon. In simpler cases (eng parallel units), the number of

slots is equal to the number of batches to be produced.

Another major issue in plant scheduling deals with the presence of intermediate
storage. There are four different transfer policies: Zero-Wait (ZW), No-Intermediate-
Storage (NIS), Finite-Intermediate-Storage (FIS) and Unlimited-Intermediate-Storage
(UIS) [12]. It is important to note that FIS corresponds to the most general case.
Nevertheless, the main advantage of the remaining three cases is that there is no need
to model inventory levels.

In the scheduling of a process plant, processing tasks require utilities and man-
power. Utilities may include, for example, steam, electricity, cooling water, etc. In
some scheduling applications, apart from equipment, finite resources that are limited
are required for these process tasks. Resource constrained scheduling problems are
inherently difficult, due to the fact that, besides the efficient allocation of units to meet
product demands, it is also necessary to consider the feasible grouping of simul-
taneously executed tasks so as to utilize resources within their availability limits. In
general, scheduling problems are concerned with renewable resources (manpower,
energy), while planning problems handle non-renewable resources (raw material,
capital). Moreover, renewable resources may be discretegoressumed at a constant
level throughout the processing of the product, or continuous, in which the demand
for the resource varies with the processing time.

The short-term scheduling is relevant to plants that must satisfy individual
customer orders with little similarity between demand patterns in different planning
periods. In this case, product requirements are given as a set of orders, where each
order has associated with it a certain product, the amount and a due date. In contrast,
cyclic scheduling is relevant for plants operating with a stable market in which the
product demands are given as constant rates. This allows a more simplified plant
operation in which the same production sequence is executed repeatedly with a fixed
frequency. It should also be noted that cyclic scheduling is often considered in longer
range planning studies. In both short-term and cyclic scheduling, it is important to
define the inventory policy, which in turn might also require allocation of the produc-
tion to inventory build-up.

When switching between products, or even after one or more batches of the same
product, units may require cleaning and setup for safety anproduct quality.
Changeover requirements depend on the nature of the units and the products in the
plant. Sequence-dependent changeovers represent the most general situation, in which
every pair of consecutive operations may give rise to different timgoanmbst
requirements. A simpler situation occurs when changeovers are family dependent,
i.e., products are divided into disjoint families and changeovers only occur between
products of different families. Moreover, the need for unit setup may be expressed in
terms of the frequency of utilization. For instance, a changeover may be needed after
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every batch or after a certain number of batches, regardless of the nature of the
products. Time-dependent cleaning can also be considered. In this case, there is a
maximum time interval during which a unit may be utilized.

2.1. Single-unit assignment models

This class of models involve situations in which the assignment of orders or
tasks to units is known. In other words, each product processing task is identified with
one single unit. In this case, although it might in principle be convenient to use the
concept of time slots, their application is not strictly necessary. The simplest structure
corresponds to the sequential multiproduct plant which consists of multiple stages
with one unit per stage and where all products are processed sequentially at each stage.
This type of plant is normally referred to as the flowshop plant in the operations
research literature [7]. These plants process products with a high degree of similarity
that requires the same sequence of tasks. Interestingly, two other important models
with fixed single-unit assignments that are extensively studied in the operations
research literature are the single-machine scheduling problem, which corresponds to
the single-stage case, and the classical jobshop scheduling problem, in which the
sequence of processing tasks is not the same for different products. The fundamental
problem for scheduling in both cases is to determine the sequence of operations for
given production requirements. Nevertheless, in all cases the allocation of jobs to
machines is known a priori.

Birewar and Grossmann [3,4], Voudouris and Grossmann [29] and Pinto and
Grossmann [16] considered the multistage case and assumed that each stage involves
one processing unit. Additionally, they imposed the condition that all the products
follow the same processing sequence. The scheduling problem corresponds to the
permutation flowshop of operations research. By introducing the binary varkples
to denote the processing of produut time slotk, the mathematical representation of
the assignment and sequencing constraints is

S Xie=1 Ok (1a)
X, =1 O (1b)
Z K

Constraints (1a) enforce that exactly one prodlisissigned to every time slot
k and constraints (1b) enforce that every prodisassigned to exactly one time slot
k. Note that in this case, each unit corresponds to a different stage. Moreover, as the
processing sequence in all units is the same, it can be determined globally. In this
case, there is a one-to-one correspondence between products and time slots. Figure
3(a) illustrates a permutation flowshop schedule of a multistage plant with one unit
per stage.
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Figure 3. (a) Permutation flowshop schedule. (b) Sequential jobshop schedule.

For sequence dependent changeoverglgtbe a 0—1 transition variable that
denotes the processing of produat slotk immediately before processing of product
i'. The transition variablg;, has to be linked to the assignment variables in such a
way thatz; ., is activated when botk, andX; ., are one. One way of enforcing this
condition is as follows:

||k—X|k+x|k+1 1 Di,i',kDK—{E}, (23-)

wherek is the last element of the set of time slktsAnother way of enforcing the
same condition in (2a) is to use the following set of constraints:

> Zin= Xiea  Oink DK ={K}, (2b)

zZii.k:Xik D|,k|:|K_{E} (20)
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According to (2b), one transition from produdb producti’ occurs if and only
if i’ is produced in the subsequent time slot. Also, from (2c¢), exactly one transition
fromi toi' occurs if and only if is produced at time sldt Constraints (2b)—(2c)
were originally introduced by Sahinidis and Grossmann [23] for the single-stage plant
with parallel lines; appendix | illustrates the procedure for deriving constraints
(2b)-(2c) from nonlinear integer constraints. It is important to note that constraints
(2) apply to non-cyclic schedules; for the cyclic case, the in#tieek are replaced by
the “++ 1" cyclic operator (see Pinto and Grossmann [16]).

Furthermore, the models include timing constraints, which involve the deter-
mination of the specific start and completion times for each of the tasks undergoing
scheduling. Extra variables are required to model the times associated with each unit.
These ardlsy, the time at which processing in sloof unitj is started andgy, the
time at which processing in slktof unitj is completed. When time slots are defined
for each unit, no overlap is allowed. Given the processing fiipesproduct in unit
j and assuming no sequence-dependent changeovers, the time variables are related in
terms of the assignment variabbég by the equation

Tejk = TS]k + Z Xi kTIj DJ, k. (Ba)
i gl

Additionally, the start time of sl&+ 1 at every unif requires that the processing
of slotk be finished. That is,

Tejk < TSjk+l DJ, k I:l K —{E} (3b)

Note that sequence-independent changeovers are trivially treated by adding the
setups talj; in (3a). When we consider sequence-dependent changeovers, the binary
variableZ;  replacesX;, . Introducing the transition timg;,; from producti toi’ in
the timing constraint yields

Tey = Tk + Z Z Zi (Tij + Tiij) 0j, k. (3¢)
o i
As for time relations in two successive stages, these depend on the sequencing
policy, as described in the introduction. For the Zero-Wait (ZW) policy, where no

intermediate storage is available and no idle times are allowed for processing between
stages, the start time of ufpit 1 has to match exactly the completion time in jnit

For the Unlimited-Intermediate-Storage (UIS) policy, where it is possible to store
the batch produced in unjit the start time in unit+ 1 can be performed any time
after the completion of unjt

Tejk < TSJ +1k Dj |:| J - {J_}, k (Be)
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An alternative representation for multiproduct or flowshop problems relies on
the use of the binary variabl€;., to denote the processing of batch of product
immediately before batch of produict In this case, the assignment constraints for
scheduling correspond to the structure of the Traveling Salesman Problem (TSP) as
shown by Gupta [10]:

Z X =1 Qir, (42)
I
z X =1 0i, (4b)
iv

Z X, <|S|-1 DOScl,s#0. (4c)
igs i'ar\s

Equations (4a) and (4b) guarantee that all batches have exactly one predecessor
and one successor. Note that the assignment constraints corresponding to (4a) and
(4b) possess the same structure of (1a) and (1b) and do not involve the definition of
slots. However, this representation requires the addition of the subtour elimination
constraints (4c¢), which ensures that a single closed cycle is obtained. The advantage
of the above constraints is that changeovers can easily be handled since they can be
directly expressed in terms of the variab¥s. However, the drawback is that the
number of subtour elimination constraints can be extremely large, and therefore
a relaxation strategy must normally be used. Fortunately, when changeovers are
sequence-dependent this gives rise to an asymmetric TSP, which yields very tight
bounds when the subtour elimination constraints are excluded (see Pekny and Miller
[14]). Birewar and Grossmann [4] considered an aggregated form of the constraints in
(4a)—(4b) with which the problem can be solved in the space of products rather than
in the space of batches. Provided the number of products is not very large, it is possible
to handle problems with an arbitrary number of batches with this formulation.

If there is still one processing unit per stage, but we relax the assumption that
each product follows the same sequence in each stagetfe.gequential jobshop
problem), it becomes convenient to define slots for each unit. This is particularly
important for sequential multipurpose plants,,igants in which it is possible to
recognize a specific direction followed by the production paths of all products but
with units being skipped by some products. Figure 3b shows a schedule of a sequential
multipurpose plant with five processing stages; note that the batch processed first in
stage two skips stages one and three and is the second to be processed in stage five.
Defining W, as the assignment of produdn slotk of unitj, the assignment con-
straints become

Zijzl DJ,kDKJ, (5&)
iD|j
Zijzl D|,J DJi, (5b)
kOK;

J
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wherel; is the set of products to be processed in paitdJ; is the set of units in
which produci has to go through. Note also that in this case, the number of slots can
be defined for each unit using the Kgtaccording to the number of jobs to be assigned
to it. Timing constraints similar to the ones in (3) must be defined for the above
problem.

The scheduling and sequencing of a multipurpose plant has also been addressed
by Rich and Prokopakis [21] as a jobshop problem by considering that each product
must be processed through a sequence of tasks that are assigned to a processing unit.
This gives rise to a disjunctive programming problem. The fundamental constraints
must enforce that two taskandi’ in potential conflict, i.e two operations that require
the same processing ufiand with no specified precedence relationship, cannot be
processed simultaneously. These disjunctive constraints can be represented in mixed
integer form with the binary variable§ that are activated if taskprecedes’ and
the continuous variableksi that denote the start time of operatipas follows:

Tsip - Tsi +U@ - X)) = T Oi 01,00 01, j, (6a)
TSI_TS|,+UXI'|': Z-I—I' D| DI]’II DI]’J’ (6b)

whereU is some valid upper bound. Equations (6) are “either-or” (disjunctive) con-
straints. The interpretation is theitheri precede$’ (whenX; is one)or i’ precedes

i (whenXj: is zero). Note that, in this model, the start and end times for each product
can be interpreted as event times.

2.2. Multiple-unit assignment — models based on time slots

When several units in parallel compete for processing ordersa it@sk can be
performed in more than one unit, there is the need to decide the assignment of products
to machines. One approach is to define a certain number of time slots for each of the
units. This is particularly suitable for sequential plants.

A simpler situation occurs when there is only one production stage. In addition
to being of interest in themselves (e.g., parallel machines), single-stage problems
often apply to more complex problems, either because a single (“bottleneck”) stage
dominates or because multiple-stage problems can be decomposed (exactly or approxi-
mately) into independent or loosely coupled single-stage problems. In this case,
there is a one-to-one correspondence between task and order. If a continuous time
representation is used, Pinto and Grossmann [17] suggest that the assignment and
sequencing constraints be written as follows.\Mgt represent a binary variable for
assigning orderrin time slotk of unitj. Since for all orders exactly one time dkaif
one unitj is allotted

ZV\{jkzl Oi. (7a)
i03 kOK;
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Note that constraint (7a) accounts only for the ujits), in which orderi is
allowed to be processed. Moreover, time slots are unit dependent. Also, since at most
one order can be assigned to each time slot of a unit,

ZV\(jksl 0j, k OK;. (7b)
i O,

Some time slots may be empty, due to an overestimation on their total number.
Sahinidis and Grossmann [23] considered that for the case of single-stage continuous
multiproduct plants, products can be assigned to consecutive time slots and to more
than one unit. Therefore, constraint (7a) is dropped and (7b) becomes an equality
constraint, i.e all the slots are occupied.

If changeovers are relevant to the problem, the equations (2b)—(2c) by Sahinidis
and Grossmann [23] can be easily extended by introducing varidhigsthat
explicitly account for sequence-dependent transitions. The constraints that relate the
assignment variabléaf;, and the transition variablés , can be written as

> Zige = Wojar O O,k DKy = {k}, (8a)
i 1l
Zzii'jk=ij Oi DIJ,J,kDKJ _{E} (8b)

il

As a result of constraint (8a), exactly one transition from a pradadhe given
producti’ occurs in the end of any time slot if and only'iis produced during the
subsequent time slot. According to (8b), a transition framexactly oneé' occurs at
the end of any time slot if and only iifis being produced during that time slot.
Appendix | illustrates that in fact constraints (8a) and (8b) can be obtained from the
linearization of nonlinear integer constraints. As previously mentioned for equations
(2), constraints (8) apply to the non-cyclic case.

Time variables model the start and completion times of the slots in the units,
namelyTsy andTey. As in equations (3) of the single-unit assignment models, when
time slots are defined for each unit, no overlap is allowed. In other words, the start
time of slotk + 1 at every unif requires that the processing of dtdie finished:

TeijTSjk_,_l Dj,k DKJ _{k_j} (9a)
Also, the start and completion times in the slots are related as follows:
TejszSjk'l' zWJkTIJ Dj,k DKJ (gb)
i 0T,

When we consider sequence-dependent changeovers following a similar reason-
ing as in (3c), the binary variablg ; replacesV, byintroducing the transition time
from producti to i’ in constraint (9b), yielding the timing constraint (9¢),
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Tejk:Tsjk+z z Zii(Tj + 1) Oj, kUK. (9c)

')
|IJ|IJ

By defining binary variableX; to denote if product precedes produgt in
unit j, it is possible to derive a model with a similar structure to the TSP model for
the scheduling of single-stage plants with parallel units [5]. The assignment and
sequencing constraints could be seen as a generalization of (4), combined with the
fact that products are assigned to exactly one processing unit

Gooding et al[8] introduce an alternative formulation based on a uniform time
discretization that considers sequence-dependent assignments explicitly with the
binary variable<Z;., that were previously introduced in equations (8). The assign-
ment constraints (10) force each job to be assigned to a unique successor, a unique
predecessor and a unique time slot,

Zii'jk =1 D|, (108.)

i" jOgN ) KUK;
Z Zii'jk =1 Di', (10b)

0N g kUK
S Y Ziwst 0j, k OK;. (10c)

|D|j |'IZI|J-

In this approach, although time is uniformly discretized, each unit may have its
own interval length since products are not allowed in all units. Interval sizes are
selected based on the greatest common denominator of the processing times of jobs
that may be processed in upigiven by the sef. Also, “dummy” jobs are assigned
to the initial and to the final slots of each unit. The following constraint states that if
job i is processed on lingin slotk, no job can begin production during the next
Tij + T;i; — 1 slots associated with the productioni @ind transition from produgt
toi':

Tij+ T —1
z Z sjkrie < (T + Tig =D Q= Zg) Oiin ) UG N 30,k UK.
rOl; sl k'=1

: (11)

It is important to note that for discrete time models, a key assumption is that any
event occurs at interval boundaries. Moreover, as previously mentioned, time slots
have fixed duration. Therefore, timing of events such as non-overlapping of tasks is
done explicitly with the assignment constraints. Nevertheless, it is possible to enforce
certain timing restrictions using the assignment variables. For instance, Gooding et al
[8] consider the following constraints:

Z Zirsjk+T 4,
s,

> Zyge  O0inj 0@ 0 30,k OK;. (12)

i
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Constraint (12) enforces that the units are always busy, except for changeovers.
It states that if jolb begins production on linein slotk with successor’, then jobi’
must begin in ling in time slotk + T;; + ;5.

It is interesting to note that constraints (10c) and (11) are analogous to constraints
(23a) and (23b) by Kondili et dl11], to be defined later in the paper. It is possible to
define an equivalent representation, which is based on a backward aggregation of
time and similar to constraints (24) developed by Shah.dR23). The equivalent

representation is given by

k
Zis ks <1 0,k OK;. (13)

iOn 00 ke=k=T, -1 +1

A detailed proof of equivalence of constraints (10c)—(11) and (13) is given in
appendix Il. Following a similar treatment as in the comparison between constraints
(23) and (24) of the STN model presented later in the paper, it is also shown in
appendix Il that (13) is not only tighter than (10c)—(11), but is also a more compact
representation.

The multistage flowshop problem with units in parallel is studied in Pinto and
Grossmann [17,18]. In this case, prodiugbes through several stages and each of the
staged is assigned to time sloksof unitsj, as several parallel units may correspond

to a single processing stage, given by thelset

Wje=1 O 0, (14a)
03N ) kK,

Wi <1 Oj, k DKJ-. (14b)
ion 1ooL)
Equation (14a) represents the fact that for all orders and in all stages, exactly
one time slot of one piece of equipment is allotted. Also, not necessarily all processing

stages are involved in the production pthe stages actually included in the process-

ing ofi are defined if;. Moreover, only a subset of the units in which stlagieorder

i (setJ, N J) can be processed is considered in the summation. The extension to
sequence-dependent changeovers is analogous to the single stage case (see equa-
tions (8)).

Pinto and Grossmann [17] suggest a time-matching approach. Wherl sfage
orderi is assigned to sldtof unitj matching takes place by enforcing equality of the
start and end times of these coordinates through mixed integer constraints (see equation
(15)). Binary variable®V;;, are used to model the potential assignment of dtafe
orderi to time slotk of unitj. When ordei is assigned to unjt(W, = 1), the start
times in both coordinates are enforced to be the same. Otherwise, the constraints are
relaxed:
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U(l—WJH)ZTSI”—T%k i, D(J| ﬂJ|),k|:|KJ,| DL| (15b)

Another way of enforcing the time-matching is as follows. Consider equation
(16) that imposes the same condition of (15a) and (15b) which, however, is in nonlinear
form:
(TS” _Tsjk)ijI =0 DI,] D(Jl ﬂJ|),k DKJ,l DL| (16)

Constraint (16) can be linearized, as shown in appendix | of Pinto and Grossmann
[17]. Extra continuous variables are introduced to the problem, nadpglgnd yjy,
which represent disaggregated variables for the start times. The linearized form relies
on the use of the multiple-choice assignment constraints (14a) and (14b). The re-
formulated time-matching constraints are as follows:

Tsij, jD(;}JI) k;je,“d 0i, 1 0L, (17a)

Tse=> > Gty OhkUK, (17b)
it oA

0< 6 <U'W,y O, j 0 n J),kOK, 1 OL, (A7c)

Vik ~Uyji< 0 0j, k OK;, (17d)

whereyjy is a slack 0—1 variable for time skoof unitj (yj« is one if the slot is empty;

zero otherwise). An important feature of representing the time-matching equations
(17a) —(17d) is that fewer constraints are necessary, although there is an increase in
the number of continuous variables. Also, a tighter upper bound than the ones in (15)
can be used in this representation. Note that the variéjleare bounded bysi; as

seen in equation (17a). Therefore, upper bounds on the start times of theldtders
can be used in (17c), which produces a tighter LP relaxation than the constraints
in (15).

Another major issue in scheduling plants with multiple stages deals with the
presence of intermediate storage. Timing constraints relating consecutive stages
depend on the storage assumptions. For instance, if ZW or NIS are used, the following
constraints should be imposed:

Teiy = Tsiy ., Oi 1 04 = {I;}. (18)

The above constraint states that the start time of drderstagel + 1 should
coincide with its completion time in stageWhen UIS is assumed, constraint (18)

can be relaxed to _

Moreover, neglecting sequence-dependent changeovers, the start and completion
times of stage of orderi are related in terms of the variabMfg, for ZW and UIS
policies as follows:
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Tei; = Tsij + z szleij Oi, 1 O L. (20)
j0(gn 3 kOK;
As NIS allows storing of intermediates in the units after their processing is done,
equation (20) can be relaxed to represent this policy:

Teij = Tsiy + Z ijleij Oi, | Og. (21)
j0(gN ) kOK;

As for the FIS policy, two approaches can be taken. The first one is to consider
intermediate storage as another processing stage. Another approach is to model inter-
mediate storage explicitly such as in Pinto and Grossmann [16], who considered a
multistage continuous multiproduct plant with one unit per stage. Models based on
time discretization, such as the STN network model, handle the modeling of finite
inventory with greater ease.

Voudouris and Grossmann [30] developed a model for the sequential multi-
purpose plants with equipment in parallel. Their approach is to enumerate all the
production paths for the products. In this case, the assignment variablgstlzaie
denote whether pathexists and/;y; that denote whether pathprecedes path’ in
unitj. The assignment and sequencing constraints are

Y * Yihj 2 Ya t Yo —1 Oh b, j 0@ N Jy),  (229)
(Yohj * Yirni) < Yh Oh, (22Db)
h™ JO(RNIy)
(Y + Yni) < Vo 0N (22¢)
odhn )

The sets of constraints (22a)—(22c) enforce that if patdwsdh’' are selected,
then a precedence relationship between the paths has to be establishejd whiictit
is a common unit for both paths. Otherwise, the condition is relaxed. Moreover, timing
constraints similar to the inequalities in (6) are defined. By defining varidk|gas
the start time of the operation of patin unitj and parameter,; as the processing
time of the operation df in unitj yields

Tsyj = TSy + UL = Vi) 2 Ty Oh b, j O, N 3y),  (22d)
Tsyj = Tsij + U(Yhj) 2 Thy Ohh,j 0@, N 3. (22€)

An alternative formulation relies on incorporating the assignment constraints
(22a)—(22c) in (22d) and (22e), yielding

TSyj = Tshj * UG = Yhnj = Yh = Yn) 2 Ty Oh b, j O, N 3y),  (22)
TS ~ TS U@+ Vi = Vo= Yn) 2Ty Ohh,j UGN J3).  (220)
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The two formulations (22a)—(22e) and (22f)—(22g) generate the same integer
solutions, although they exhibit significant differences in computational performance.
Constraint set (22f)—(22g) relies on a smaller number of integer variables and con-
straints; however, its LP relaxation is looser. Note that when the paths are fixed, both
formulations reduce to the equations (6) of Rich and Prokopakis [21].

2.3. Multiple-unit assignment — models based on event times

Another approach is to define global time slots,, i@t associated with units
but with events, as shown in figure 2. In general, scheduling models for networks of
arbitrary topology are based on this representation of time that was suggested by
Kondili et al [11]. These formulations rely on discretization of time by considering
time intervals of uniform size. Continuous time formulations can also be developed,
as will be discussed later. Additionally, mass balance equations are key elements of
these models thereby allowing a rather general treatment of batches.

The State Task Network (STN) representation introduced by Kondili Eti3l
relies on the representation of the process recipes as transformations of states
(material) through a series of tasks in a process network. It is interesting to note that
the STN readily handles multipurpose plants, but unlike the job shop case (see equa-
tions (6) from Rich and Prokopakis [21]), tasks are not pre-assigned to units. An STN
representation for a simple multipurpose plant that processes three products, taken
from Barbosa-Pévoa [2], is shown in figure 4(a). The STN contains the following
original assignment and sequencing constraints [11]:

z Wi <1 i, k, (23a)
iDIj

k+T; -1
Z z Wi —1<U;@-Wy,) D0, jk (23Db)
i'On K=k

Constraints (23a) enforce that at any tiknean idle piece of equipmeitcan
start at most one taskMoreover, constraints (23b) state that if the ijethoes start
performing a given task then it cannot start any other task until the current one is
finished afterT;; time slots. Shah et.dR7] found an equivalent representation for the
assignment and sequencing constraints in (23):

k=T +1
z Wje <1 0,k (24)
idr, K=k

The above equations correspond to the tightest formulation, which is based on a
full backward aggregation of time. Constraints (24) ensure the same conditions of
(23a) and (23b); the proof of equivalence is shown in Grossmann[6}.dhterest-
ingly, constraint (24) not only yields a much tighter representation, but it also involves
far fewer inequalities than equations (23a) and (23b).



J.M. Pinto, I.E. GrossmanyiAssignment and sequencing models 449

F1 React_} React_4

)

P1
P2
E2 React_.
Separatio r—l
P3

R1 _clean R1_dirty
React_]"O:’ Clean_

React_J 3 Clean_B

(b)

Figure 4. (a) Example of a State Task Network.
(b) Example of a Unit STN (Reactor 1).

In the STN formulation, the treatment of sequence-dependent events can be
rather complex. Kondili et aJ11] proposed sequence-dependent constraints based on
families of products and defined additional transition taskshat are activated
according to the following constraints:

k-1 [ 0
Wi * Z Wi = z @fo'it-" sztQS:L Of, f',j,k k' > k. (25)
) o

i t=k+1 i
Constraints (25) enforce that if unistarts a task of familfyat timek and a task

of family f' at timek’, without starting any other task between this interval, then the
transition tasks; is activated. A less restrictive constraint can be applied to sequence-
dependent changeovers which, however, does not attempt to define the timing of the
cleaning operation or take into account any demands for resources. As shown by
Kondili et al [11] and Shah [26], this yields a more aggregated constraint for the
STN:

k=T
Wi + Z Z Wi <1 Of, ', ) k. (26)

o™ O K=k =Ty =1 -1
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Constraint (26) states that if ufistarts processing any task of familgt time
k, then no task of family' could have started for at least: units before the start of
this task. Note that this formulation does not rely on extra transition tasks and has
fewer constraints.

Crooks [6] addresses sequence-dependent changeovers that account for both
tasks and units by introducing the Unit-STN. The representation comprises the states
in which a unit can exist and the changes that occur when a task is carried out. Tasks
that perform changeovers, such as cleaning and maintenance, are incorporated in the
set of processing tasks defined. An example of a Unit-STN, taken from Barbosa-P6voa
[2], is shown in figure 4(b), in which a reactor R1 can exist in two states: R1_clean
and R1_dirty. Two reactions (React_1 and React_3) can be performed in the reactor
and both lead to the R1_dirty state. Two cleaning tasks (Clean_1 and Clean_3) drive
it to the R1_clean state. Additional binary variabg denote the stateéf unitj at
time k. In this formulation, the following constraints apply: (a) at any tknenit |
can exist in exactly one of the stategb) a unitj can start processing a tasaénly if
the unit-state allows the operation; (c) if no task starts atkjrie unit-state remains
unchanged &t + 1; (d) a task that starts at modifies the unit to a unique unit-state
atk + 1. The conditions (a)—(d), as described in Barbosa-Pdévoa [2], were formulated
as

ZVAV”“ =1 0j, k, (27a)
t05,
Wiks > Wik 0i 015, j,k, (27b)

t:iD%}ljn,

Wi Wie ~Wiiene s S Wy Dikt 0§, (27c)
iDLtJ,Hn' i OV Ty
Wik = W k+1t + Y Wist O, ktOs, v 05, (27d)

i 00Ty
U

where§ is the set of allowed states for upandlj; is the set of tasks which cause
transition from staté to statet’ in unitj.

Consecutive processing stages are connected in the STN representation by the
state nodes. Continuous variab&gandB;;, are introduced to denote the amount of
material stored in stateat the beginning of timk and the amount of material that
starts task in unitj at timek, respectively. In addition, variabl&g, andF,represent
the sales and purchases of sta#t the beginning of timk. A mass balance in these
nodes is given by

Sk + ZpiszBijk’stk:%,k—lJf Zﬁuszaj,k—m +Fy Ok,s (28)
. 5 . 5
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In (28), ps and p;s are constants that represent for telle proportions of input
and output material in staterespectively. The amount of material that can perform
a task is limited by equipment si¥

0< By s VW, O U, j, k. (29a)

The STN representation allows a general treatment of intermediate storage.
Capacity limitsCg are defined for storage of each state:

0<S<C, ks (29b)

If UIS is imposed, theis unbounded. NIS is obtained with = 0. Zero-Wait
policy can be imposed by adding constraints that specify thai ‘tdshows taski,
that is,

ZWJK: ZW']vk+T|1 Ok DK_{R_-I-':J+L,R} (290)
03 0

Pantelides [13] introduced a very concise representation for scheduling problems
based on an extension of the STN framework, namely the Resource Task Network
(RTN). The basic motivation is to describe processing equipment, storage, material
transfer and utilities uniformly as resources, which are consumed and generated during
the plant operation. Two variables represent the operation afaasiknek, the integer
variablesN,, and the continuous variabl€g that determine the demands that the
tasks place on the various resources. The following equations express the available

resource balancdg,:
T

Rk=Rk-1t z Z (M Ni k- + Vine & k-k) + My Okr, (30a)
i K=o
0< R <Ry Ok,r.  (30b)

In constraints (30a);x and v, are known constants that may be positive if
the resource is produced or negative if it is consumed. Morddygs the amount of
resource available from external sources at tikn@ he continuous variables, may
be related to the integer variableg to impose operational constraints. Constraints
(30b) simply bound the resources. Interestingly, Pantelides [13] showed that con-
straints (30a) correspond to the general case of the STN unit allocation constraints
(26). Also, equations (30a) have the same form and can be easily reduced to the STN
equations (28).

Xueya and Sargent [33] have developed continuous time formulations that are
based on the STN and the RTN. The basic approach is to divide the time horizon into
a sequence of event times of variable lerigthn order to track all the operations, the
start and completion of each task are mapped to the event times. Furthermore, they
partition the processing time of each task in several transfer times to represent changes
in operating conditions. Since the main concern is with scheduling problems, we
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restrict the analysis to a single processing time. In Xueya and Sarfmmbulation,
binary assignment variabl®¥; are activated if the task startsTatn unitj and binary
timing variablesX;;- are activated if the task starts at instdipin unitj and is
completed aT,.. Therefore, constraints (31a) enforce that if estlarts in unif atT,,
it will finish one and only one later timg., k' > k:

Wi = z Xije  0i 015, j, k. (31a)
K>k
Moreover, the following constraints ensure that at each kitna unit must be
occupied by at most one task:

Z Xijwe =1 0, k. (31b)
ion K<k
As mentioned before, Xueya and Sargent [33] rely on time-eVgntghich are
postulated in strictly ascending order. Therefore, the following constraint is imposed:

Te—Tei2e Ok—-{3. (32)

In (32), the strict inequality is enforced by introducing the small pararaeter
the right-hand side. In order to define the sequence of events, the actual task processing
time is identified with one of the event tim@s. This is achieved by time constraints
as follows:

fijk = z Xie (T = T) - 01 Oy, j, k. (33a)
k' >k

Note that equation (33a) is in nonlinear form. A linearization procedure leads to
constraints (33b), which are in fact very similar to the time-matching constraints (15).
These are

—UQL - Xjiw) € T = T = tijg s UQ = Xjje) i 0 i, J,k k" 2k, (33b)

whereU represent bounds on the time differences. A disaggregation procedure of
variablestjj, (analogous to the one developed for the time-matching constraints (15)—
(17)) can be performed for the constraints in (33a):

tie = Xijwe (Te = T) - O O, j k k' 2 k. (34a)

Similarly, equation (34a) is nonlinear. Applying linearization to (34a) yields
constraints (34b) and (34c):

L Xijkk' < tijkk' <Uu Xijkk' Oi |:| Ij! j, k, k' > k, (34b)
—U(@ = Xije) € Te = T = tije SUQ = Xjje) O O i, J, kK =k (34c)

Constraint set (34b)—(34c) is tighter than (33b). For instance, if the binary timing
variable X is zero, it implies from equation (34b) that the time variaple is
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also zero. However, this is not the case in (33b). Nevertheless, the representation in
(34b)—(34c) yields more constraints and variables.

As for changeovers, Xueya [34] introduces measures of usahijity that
denote the usability of a task in unif at timek. The basic idea is to propose a
formulation that comprises sequence-dependent changeovers as well as frequency-
and time-dependent transitions. Parameters, based on precedence relations, are as
follows: ajj, and;;, reflect how the processing of a task affects the unit usability,
while y;;, represents the threshold usability of a task. Constraint (35a) relates the
measures of usability in consecutive time events through assignment variables:

Uj k+1u = Z (@ijYijie + BjuWj) Ok, (35a)
i T,
while constraint (35b) is a feasibility condition for use of jifidr processing ordet
i 0T,
and constraints (35c¢)—(35d) represent the disaggregation of the measures of usability:
Ujw = Z Uijiu 0j, k, u, (35¢)
i 0T,
0 < Ujjiu < Uj’{}a"wjk Oi, j, k, u. (35d)

Since there is no straightforward procedure to determine the set of parameters
Qiju, Biju andyj, (in fact, there is more than one feasible set), the simplest way of
illustrating the concept of usability is through a small example. Consider the reactor
R1, whose Unit-STN representation is presented in figure 4(b) and which was also
used to illustrate changeovers defined by Crooks [6] for the STN in (27). Table 1
illustrates the set of precedence relations as well as the usability parameters involved.

Table 1

Xueya's [34] usability parameters.

Taski Precedence sets  ajj,

R_1 {R_1,C1,C.3} 0

R_3 {R_3,C.1,C_3} 0

c1 {R_1} 0

C.3 {R_3} 0
Taski Bijur_1 Bijur_3 Bijuc_1 Bjuc_s Yijur_1 Yijur_.s  VYijuc_1  YVYijuc_s
R_1 1 0 1 0 1 0 0 0
R_3 0 1 0 1 0 1 0 0
C.1 1 1 0 0 0 0 1 0
C.3 1 1 0 0 0 0 0 1
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According to the sets of precedence relations, task R_3 is the only one that cannot
immediately precede task R_1; moreover, the only task that can precede C_3isR_3.In
this small problem, the usabilities atell{UR_1, UR_3, UC_1, UC_3}. Parameters

aj, are all zero, since all tasks change the unit usability after the processing. Note
that parameterg;;, reflect the precedence relations. As for the feasibility parameters
Yiju. they are chosen in such a way that a task can be assigned to a unit only if the
usability of the same task is one.

3. Computational experience

The objective of this section is not to present a detailed computational compari-
son among the various scheduling models. The idea is simply to provide a general
description of the specific methods and summarize results for the largest scheduling
problems reported.

Table 2 provides a summary of the main features of the process scheduling
models. Note that the entries correspond to the items discussed in the road-map of
figure 1, as well as the optimization objectives used in the models. The models follow
the same order of presentation used in the previous sections. The first five entries are
single-unit assignment models, while the remaining are based on multiple-unit assign-
ments. The complete model by Birewar and Grossmann is presented in [3] and a
specialized aggregation procedure for Zero-Wait transfer is developed in [4]. Pinto
and Grossmann [16] and Sahinidis and Grossmann [23] developed models for continu-
ous multiproduct plants (in which processing times are variables); the former models
a multistage plant with one unit per stage, while the latter deals with a single-stage
parallel-unit plant. Also, the entry of the model by Shah .g28] corresponds to the
extension of the short term model of Kondili et[all] and Shah et aJ27] to cyclic
scheduling. Although it was not mentioned explicitly in the previous sections, it relies
on the STN representation; the constraints are modified to accommodate the periodic
mode of operation. The entry corresponding to the model by Schilling[@bakan
be regarded in terms of assignment and sequencing as somewhat similar to the model
by Xueya and Sargent [33] in the sense that it relies on continuous time represented
by events.

Single-unit assignment models search through a much smaller integer space and
are, therefore, in principle able to solve larger problems. Moreover, simpler model
structures facilitate the development of specialized solution methods. For instance,
Pekny and Miller [14] developed a special purpose code for solving asymmetric TSP
problems for the case of Zero-Wait transfer. Also, Birewar and Grossmann [4] were
able to develop an aggregated LP model by transforming a Zero-Wait model from the
space of batches to the space of products. Another example is the work by Gooding
et al [8], in which they were able to transform their single-stage, parallel unit model
with sequence-dependent changeovers into a member of the TSP problems, namely
the Branch Office TSP. On the other hand, models based on process networks provide
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Table 3

Largest scheduling problems reported.

Largest problem reported

Model Features Margin of Discrete Continuous Constraints CPU time
optimality variables variables
. 50 productg9 units 24.2 CPU min
Birewar and Grossmarth 2392 batches 0.028 2500 2500 2610 GAMEZOOM
Microvax Il
48.8 CPU min
. GAMS/OSL
Pinto and Grossmann 8 produf3sstages 0.00 448 1920 3002 DICOPT++
HP 9000-730
Pekny and Mille? 500 batche_/él line 0.00 =2.5x 105 - 1000+ 4.78 CPU sec
3 equal units subtour  SunSparc 2
. . 12 batches 0.00 16 22 48 1.83 CPU min
Rich and Prokopakis 43 its LINDO-IBM PC
22 CPU min
Sahinidis and Grossmann 26 products 002 780 23,000 3200 CAMS/MPSX
3 parallel units Minos
IBM 3090
20 orders 2.38 CPU min
Cerdé et al. 4 units 0.00 122 61 288 Sciconic
IBM RS6000
. 36 batches 25CPU
) = _
Gooding et af 3 parallel units 0.003 =900 > 1800 "\ip 9000-730
4.15 CPU h
Pinto and Grossmann gg 3:@545 Stages 500 1050 47,917 48,843 GAMSSL
HP 9000-730
16 CPU sec
Voudouris and Grossmanrﬁ?[jﬁgﬁéﬁ E";Eth: 0.00 24 82 141 GAMgSciconic
IBM RS6000
12 stategb tasks )
Kondili et al. 6 unitg3 weeks 0.01 1173 2193 1446 éi’fsczfi ?“”
horizory6 h int. P
11 stateg9 tasks 94 CPU sec
Shah et al. 9 Units'24 h cycle 0.05 552 775 753 SunSparc 2
. 6 units/36 h 26.2 CPU min
)
Pantelided horizory1 h int. 0.01 648 1368 2377 SunSparc 10
- 3 productg12 states n.a.
6)
Schilling et al? 8 taskg2 units n.a. 266 502 1124 Sciconic
25 statep2?2 tasks 18.1 CPU min
Xueya and Sargent 11 units 0.07 1318 4555 4801 Cplex

120 h horizon

SunSparc 101

1
2

4
5
6

Results reported in Shah et al. [27].
Results reported in Wilkinson et al. [31].

) ZW aggregated model in space of products. Reported in Birewar and Grossmann [4].

) Asymmetric TSP. No continuous variables. Number of binary variablesmber of jobs)

%) Branch office TSP. No continuous variables. 1800 constraints reported for problem with 30 batches.
)
)
)

No information; no report on CPU resources, 3527 nodes searched.



J.M. Pinto, I.E. GrossmanyiAssignment and sequencing models 457

a very general structure for scheduling. The foremost example is the State Task Net-
work developed by Kondili et a]11] and Shah et aJ27], which has been extended

to produce a number of formulations covering many process scheduling problems.
However, many instances of problems resulting from larger industrial applications
are not solvable, due to the size of the mixed integer programming problems.

Another very important aspect is the diversity in scheduling models with respect
to time domain representation. As shown in table 2, continuous time models have
typically been applied to simpler structures such as sequential plants, while discrete
time models have shown the capability of representing complex task networks.
Moreover, discrete time representations handle resource constraints naturally. Never-
theless, Xueya and Sargent [33] recently developed a continuous time model with the
capability of dealing with network structures as well as resource constraints. The
computational requirements, however, are quite expensive.

It can also be observed that the objectives are in general explicit cost functions.
In these cases, demands are normally specified as lower bounds rather than amounts
to be exactly met. In the case of fixed demands, time based objective functions are
usually adopted; however, even in these situations, cost minimization is indirectly
implied, such as the minimization of cycle tifmeakespan and minimization of
earlinesgtardiness, which implicitly enforce minimization of inventory costs. All
problems are formulated as MILP models, with the exception of Sahinidis and
Grossmann [23] and Pinto and Grossmann [16], which are MINLPs. Also, Xueya and
Sargent [33] model the problem originally as an MINLP with bilinear constraints,
which are then linearized exactly for solving the example problems.

Table 3 contains the largest instances reported for the various scheduling prob-
lems in a variety of computer platforms. It is important to note that only results
corresponding to scheduling problems were included. For instance, both Birewar and
Grossmann [3] and Voudouris and Grossmann [30] consider simultaneous design and
scheduling; nevertheless, examples corresponding to the simultaneous cases were
excluded. Most solution methods rely on commercial LP-based branch and bound
codes. Although not all the problems in table 3 were solved to optimality, it can be
seen that in a number of cases, the computation time and size of the problems are
becoming of industrial significance. Also, in most cases, the size of the MILP models
is becoming rather large, although the number of binary variables for unstructured
mixed integer problems is limited to less than 1,500. It will be interesting to see in the
next few years the extent to which larger and more general problems can be tackled.

4. Concluding remarks

Given the diversity of optimization models developed for the scheduling of
process systems over the last decade, the major goal of this paper has been to provide
a classification of problems and a unified overview of models. The major classifica-
tion adopted in this paper closely follows the combinatorics implied by the various
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scheduling problems, largely in terms of the complexity of the plant structure. It has
been shown that the most significant factor that distinguishes the models is whether
tasks are assigned to units or not. The major emphasis has also been to review the
specific equations of the various assignment and sequencing models to show both
their similarities and differences, particularly with regard to the general problem
classification. It is clear that to have an increased impact in practice, the research
effort should be directed to address more complex plant structures, as well as larger
instances.

5. Notation

Indices
f, f' product families,
h, h"  production paths,
i products (orders, tasks, batches),
units,
last processing unit,
k'  time slots or time event points,
last time slot,
last time slot defined for unjt
production stages,
stage at which orderis withdrawn,
resources,
states,
unit-states,
task usability.

— ':—?\_| |

c —+ n =

I set of orders (tasks),

lj set of orders (tasks) which can be processed inj ¢hiC 1),
ljtt: set of tasks which cause transition from stat@t’ in unitj,
I set of tasks that utilize resourcél, C 1),

Is set of tasks that receive material from st&fg, C I),
Is set of tasks that receive material from st&fg, C I),
I set of tasks that produce material for s&fé C 1),
J set of units,

Ji set of units which can process ord€d; C J),

J set of units which belong to stab€J, C J),

K set of time slots,

K; set of time slots postulated for unitK; C K),
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L set of stages,

L; stages involved in the productioniofL; C L),

L stage corresponding to umifL; C L),

S set of allowed states for urjit

Parameters

Cs capacity of storage of stase

L lower bound on time differences,

T;; processing time of productin unitj,

U upper bound on time differences,

u' upper bound on start times for orden stage,
Aiju usability parameter,

Biju usability parameter,

Yiju threshold usability parameter,

Uirk consumption (production) of resourcéy taski at timek,
Viek consumption (production) of resourcéy taski at timek,
Dis proportion input to taskfrom states,

Pis proportion output of taskfor states,

Tii transition time from produdtto product ' in unitj.
Variables

Bijk amount of material for taskin unitj at timek,

Dgy amount from sales of stasaat timek,

Fox amount from purchases of statat timek,

Niy discrete variable associated with tasi timek,
Rk available resource at timek,

S amount of material in stateat timek,

tijk processing time of taskin unitj for time slotk,

Ty event timek,

Tey completion time in unif for time slotk,

Tei;, completion time for produdtin stagd,

Tshj starting time of patin in unitj,

TSk starting time in unif for time slotk,

Tsi starting time for operation

Tsi,  starting time for produdtin stagd,

Uiy  measure of usability in unitj at timek,

Uiy measure of usability for taski in unitj at timek,
W binary variable that assigns produdb time slotk of unitj,

Wijiq

binary variable that assigns stdgef orderi to time slotk of unitj,

459
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—~

Wk  binary variable that denotes the statd unitj at timek,

Xik binary variable that assigns produi¢o slotk,

Xiio binary variable that denotes the processing of prodimmediately before
producti’,

Xijk  binary timing variable that is activated if operatjoof producti starts aff
and ends at,

Y binary variable that denotes the existence of path

Ynj  binary variable that denotes the whether gafitecedes path’ in unitj,

Yik slack variable that denotes empty skoat unitj; see equations (14b) and
(17d),

Zi« binary transition variable that is activated if prodiuids assigned at the
beginning of time slok to be followed by produat,

Zi .y binary transition variable that is activated if produds assigned at the
beginning of time slok in unitj to be followed by produdt,

G start time of stagéof producti in slotk unitj,

Vik slack time variable for sldt of unit]j,

My available resource at timek,

ik continuous variable associated with task timek.

Appendix |: Derivation by linearization of sequence dependent constraints (8)

Transition variable&;; - have to be linked to assignment variablég in such

a way that -
ij AN W'j,k+1|:| Zii'jk |:“ |:| Ij’ i' Dlj, k DKJ _{kj} (Il)

Sahinidis and Grossmann [23] compared two formulations that enforce proposi-
tion (1.1). The following constraint (1.2) can be obtained directly from propositional
calculus [32]:

Zii'jKZij+W'j,k+1_l D| DIJ,|' DIJ,J,kDKJ _{k_j} (IZ)

Another formulation proposed is the one corresponding to constraints (8):

Z Zik = Wy k1 O 01, ok OK; = (kg (8a)
i Ll
zzii:k=ij Oi DIJ,J,kDKJ _{k_j} (8b)
i

Sahinidis and Grossmann [23] showed that constraints (8) in conjunction with
the constraint
ijkzl 0j, k UK; (1.3)

i Ol



J.M. Pinto, I.E. GrossmanyiAssignment and sequencing models 461

and the integrality of the assignment variablg have the unique solution
Zijge = WiWiygeq O O, i O, ok DK = {k} (1.4)
In fact, (1.4) is the algebraic equivalent of (I.1). We show here that constraints

(8) can be obtained by linearization. Adding (1.4) ovand adding (1.4) ovar yields
(I.5a) and (1.5b), respectively:

z Zijjk = ZijW'j,k+l Oi* O, j, k OK; ={k}, (1.5a)

i, i,
> Zik= Y Wiy cen O O,k DK -{k}. (1.5b)
i, i,

As Wi +1 does not depend ann (I.5a) and\;, does not depend ahin (1.5b),
they can be removed from the summation terms. Using (1.3) yields

zzii'jk:W'j,k+l Oi 01y, j, k OK; = {k}, (8a)
i,
zzii'jk=ij O 01, j,k OK; = {k}. (8b)
i,

J

Appendix Il: On the equivalence of the allocation constraints for the discrete-
time parallel-line scheduling model by Gooding et al[8]

The proof of equivalence of constraints (10c) and (11) with constraint (13)
follows the same development as in Grossmann et al. [9]. Index sets are omitted for
clarity of presentation. Sahinidis and Grossmann [24] proposed a reformulated allo-
cation constraint by using a disaggregated form of (23b),

ij+ijkal Di,i',j,k,k'Zk—l,...,k+Ti,j—l. (”1)

The demonstration is then based on the equivalence of constraints (Il.1) and
constraints (24) by Shah et al. [27]. It relies on a backward time aggregation and on
the following

Lemma (Grossmann et al. [9]). The integer constraint

YitYot-otyetya sl (1.2)
is equivalent to and sharper than the set of integer constraints:

Yit Yyt ty <1, (11.3)

Vit Vi1 <1 (1.4-1)

Y2+ Yk+1 <1 (1.4-2)

Vi + Vi1 <1 (11.4-K)
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Proof. First we note that (11.2) can easily be seen to be equivalent to the constraints
(1.4-1) to (11.4-K) since in these, at most one variable can take an integer value of 1.
Multiplying constraint (11.3) by K— 1) and adding it to the constraints in (l11.4-1)—
(11.4-K) yields

K(yp+ Yo + -+ ¥ + Yier1) Sk —1+K

Yot Yot oY+ Ve 1+ (k= 1)/k
Sincey, = {0, 1}, the right-handside can be rounded down to obtain the inequality

Vit Yot Vet Yeers L .

Proof of constraint (13) First we present a disaggregated form of equation (11), which
is in fact similar to equation (I1.1) and states the fact that if jslprocessed on unit

j in slotk, no job can begin production during the né&xt+ 7;:; — 1 slots associated
with the production of and the transition fromtoi’:

Zii”jk + Z Zi'i'"jk' < l Di,i',i”, j, k, k' = k +1,...,k + -r” + Tii"j _1.
i

We know, from (10c),
z z Zig<s1 0k, (10c)
T

which in expanded form yields

Zlel"lk+ zzlzlyv1k+"+ ZZIHM,,JKS]. Dj,k
i" i” i”
If Tiqj + Tinigj> 1,
Zijigjk-1+ Z Zgimsl L)k
i"

Zigigj-1+ z Zoimks1 Ok,
i"

Zisigjk-1 Z Znis1 Ok
iYI
From the lemma, we obtain
Zijigjk-1+ Z Zigjnig + Z Ziging + - F Z Ziqes1 Ok
o & o

If Tigj + Tizizj> 1,
Zigizjk-1t Z Zyis1 O,k
iN
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Zgjjk-1t Z Zignqsl Ok
i”

ZI]J3]|( 1+ZZ||I\|Jk—l DJ k.

Also,
Zijizjk-1* Zinizk-1< 1 U,k

This leads to
Zigizjk-1t Ligiojk-1+ z Ligjujc + z Zigjuj + o0 z
ill ill iYI

Repeat for all, i’ # i for whichT;; + 7;;.;> 1 to get

Zi sl Ok

Z Zgjnjg—q F oot Z Ziljimk-1t z Ziging ¥ -0 z Ziniees 1 Ok
& & & &

Now, if Tjgj + Tigipj > 2,

Ziigjk-2 * z Zgjn-151 0j, k,

Zigioj-2 ZZiZi”jk—l <1 Ok
iH

Zigigj-2 + zzimi”jk—lSl gj, k,
i"
Ziigjk-2 * Zzili”ij]- 0j, k,

Z|J.|2]k 2t Z Z|2| "k = Dj, K,

Zigigj-2 + Zzi\lli”jksj' 0j, k.
iH
From the lemma,
Ziirig-2+ Y Zaivk-1+ D Zijjie-at D Zj +
& o &

Repeat for all;;_, for Tjj + 1> 2.
Repeat for all;; s for Tj; + 1;-;> 3.

Repeat for alljj j_y+q for Ty; + 73> k' -

+ZZ.|||. <10,k
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Finally, we obtain

+

Zi1,i2,1,k=Tiyj = Tigig; +1 Zyiz k-1t Ly t

Zi1i3,},k-Tyy; ~Tiggy +1 “t Zigizjk-1t dizjk T

o

Bl k=T =Ty 1 ot g gk-rt ikt

o+

Zi1 L k=T =Ty 4L ot Zinik-1t Aningk t

.+

Zl“|,|“—1|,],k—Ti|||j-Ti“““_llj+l + + ZI“|,|||-1‘,j,k—l+ZI‘||,I||—1‘,],|(_1 Dj'k

Grouping terms in the above inequality yields

k k
Zyiz i t z Zigizj ke
K'=k=Tigj ~Tigigj +1 K'=k=Tygj —Tigzj +1

et Zisinn, .k

K =k=Tigj =Ty t1

. K
+ot Zingivje * Zil1],i2, ).k
K =k=Tij ) = Tijgigy +1 K'=K=Tijij ~Tinjigj +1
K
Tt > Zingin -1, 10 HLk
K =k=Tijj ~Tipgin-gj *1
Summing over ali’:
) K
Zig,ir,jle * ot > Zjigin e ST LK
1" kK =k=Ty — Ty +1 k=R T T L

Further summing over ai|] we obtain constraint (13):
k

z Z Z Zi,i,’j,k, <1 0,k (13)

| ' k’:k_Tij_Tii'j+1
L]
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